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The physicochemical data statistics per wine type

e

» 9 — Attribute (units) Red wine White wine
) AT n

Min Max Mean Min Max Mean

SBAERERE  ficed acidity (g(artaric acid) /dm?) 46 159 83 38 142 6.9

(i =Y volatile acidity (g(acetic acid)/dm3) 0.1 16 05 01 1.1 0.3

DIEREE citric acid (g/dm®) 0.0 1.0 0.3 0.0 1.7 0.3
SRR i 5 23 ;
? FrE == residual sugar (g/dm?) 09 15.5 2.5 0.6 658 6.4

I F R LGEE  chlorides (g(sodium chioride) /dm?) 001 061 008 001 035 005

S s — N::: )
JE —ﬁ&1t E'}EF‘F free sulfur dioxide (mg/dm?) 1 72 14 2 280 35
:Eg“:ﬁﬁﬁi%ﬁg total sulfur dioxide (mg/dm?) 6 289 46 9 440 138
=R [F density (g/em?) 0.990 1.004 0996 0.987 1.039 0.994

adpi-d A
FETEE oH 27 40 33 27 38 31

¢

FBREEAHY D LGEE  sulphates (g(potassium sulphate) /dm?®) 0.3 2.0 0.7 02 11 0.5

(S

7)1/:_)I/FE_ alcohol (% vol.) 84 149 10.4 8.0 14 194
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fixed acidity volatile acidity citric acid residual sugar chlorides free sulfur dioxide total sulfur dioxide

7.4 0.70
7.8 0.88
7.8 0.76
11.2 0.28
7.4 0.70

s =L BREZFTRTOIREANZEZEZSD

0.00
0.00
0.04
0.56
0.00

1.9
2.6
2.3
1.9
1.9

0.076
0.098
0.092
0.075
0.076

11.0
25.0
15.0
17.0
11.0

— quality = w,* fixed_acidity + b,
— quality = w,*volatile_acidity + b

REXF FHEFE

FEBBAH (WHET

34.0
67.0
54.0
60.0
34.0

density
0.9978
0.9968
0.9970
0.9980
0.9978

\

pH sulphates alcohol quality

3.51
3.20
3.26
3.16
3.51

0.56
0.68
0.65
0.58
0.56

9.4
9.8
9.8
9.8
9.4

18
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Adu

t dataset T —4 45l

Education- | Martial Capital | Capital Hours
Age | Workclass | fnlwgt | Education Num Status Occupation | Relationship | Race | Sex Gain Loss per Country | Target
week
N - Adm- ited-
39 |State-gov |77516 |Bachelors |13 ever m Not-in-family |White [Male |2174 |0 a0 |9 ook
married |clerical States
Married- .
50 |S®MP" |g3311 |Bachelors |13 civ- Exec- ljusband  |White |Male |0 0 13 [United sk
not-inc managerial States
spouse
Handlers- United-
38 |Private 215646 |HS-grad |9 Divorced andiers Not-in-family | White |Male |0 0 40 nite <=50K
cleaners States
Married- .
53 |Private  |234721|11th 7 civ- Handlers- | sband  |Black |Male |0 0 a0  [INEd g0k
cleaners States
spouse
Married- Prof
28 |Private 338409 | Bachelors |13 Civ- specialt Wife Black | Female |0 0 40 Cuba <=50K
spouse P y
Married- ,
37 |Private  |284582 |Masters |14 civ- Exec- wite White | Female |0 0 a0 |UNted | 5ok
managerial States
spouse
Married- Other
49 | Private 160187 | 9th 5 spouse- service Not-in-family | Black | Female |0 0 16 Jamaica | <=50K
absent
Married-
Self- - Exec- United-
52 |0 P 1500642 [HS-grad |9 civ- X" |Husband  |White|Male |0 0 45 ea | S50k
not-inc managerial States
spouse
31 |Private  |45781 |Masters |14 Never- | Prof- Not-in-family | White | Female | 14084 |0 so | Unted | sok
married | specialty States
Married- Exec United
42 |Private 159449 | Bachelors |13 civ- . Husband White | Male 5178 0 40 >50K
spouse managerial States




Adult dataset

* age:continuous.

* workclass: Private, Self-emp-not-inc, Self-emp-inc, Federal-gov, Local-gov, State-gov, Without-pay,
Never-worked.

* education: Doctorate, Prof-school, Masters, Bachelors, Assoc-acdm, Assoc-voc, Some-college, HS-
grad, 12th, 11th, 10th, 9th, 7th-8th, 5th-6th, , 1st-4th, Preschool.

. education-num: continuous.

*  marital-status: Married-civ-spouse, Married-AF-spouse, Divorced, Never-married, Separated,
Widowed, Married-spouse-absent

* occupation: Tech-support, Craft-repair, Other-service, Sales, Exec-managerial, Prof-specialty,
Handlers-cleaners, Machine-op-inspct, Adm-clerical, Farming-fishing, Transport-moving, Priv-
house-serv, Protective-serv, Armed-Forces.

e relationship: Wife, Own-child, Husband, Not-in-family, Other-relative, Unmarried.
* race: White, Asian-Pac-Islander, Amer-Indian-Eskimo, Other, Black.

* sex: Female, Male.

* capital-gain: continuous.

e capital-loss: continuous.

*  hours-per-week: continuous.

* native-country: United-States, Cambodia, England, Puerto-Rico, Canada, Germany, Outlying-
US(Guam-USVI-etc), India, Japan, Greece, South, China, Cuba, Iran, Honduras, Philippines, Italy,
Poland, Jamaica, Vietnam, Mexico, Portugal, Ireland, France, Dominican-Republic, Laos, Ecuador,
Taiwan, Haiti, Columbia, Hungary, Guatemala, Nicaragua, Scotland, Thailand, Yugoslavia, El-
Salvador, Trinadad&Tobago, Peru, Hong, Holand-Netherlands.

Ron Kohavi, "Scaling Up the Accuracy of Naive-Bayes Classifiers: a Decision-Tree Hybrid", Proceedings of the Second International Conference on Knowledge
Discovery and Data Mining, 1996
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BE wineT —XMD[E]F:

winequalityred.csv Z# @A IA#A, wine_linearRegression_scaling.ipynb %3217 L C
DIT DRWICE 272 X\,

1. quality = 0.100 * fixed acidity + 5.63 £ &X/RI N5
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(b) ERE 1% &t

() EF AT X—FiFEND
(d) A4 7 AU ERD

b ROl Z 5 2 27 )VIflibinTw 2R3
Quality DTN i b IEDFED TR ORI S
Quality DM b B DOFZED R ORI &)

5. B EDETINENA T AL 5.636 D>

> L N

6. AT =YV ITENTORVLEHICOWTHRIEE T V248 5E. [WE
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ou will be prompted a link asking you to grant permission to your Google Drlve
# Then you will be given a token that you must type in the text box.
!pip install -U -q PyDrive ‘
import os
from pydrive.auth import GoogleAuth f
from pydrive.drive import GoogleDrive
from google.colab import auth '
from oauth2client.client import GoogleCredentials

mEN FEAL 4 L ¥t

auth.authenticate_user()

gauth = GoogleAuth()
gauth.credentials = GoogleCredentials.get_application_default() !
drive = GoogleDrive(gauth)

B axvh  a #E @

i /S EBER A
+74-LA B

[ ] # Check file_id from file's sharable link
# file_id = 'file_id'
file_id = '1H8aIu@6I6FbmQXtx_9_a4JblsShLi3Da'
downloaded = drive.CreateFile({'id': file_id})
downloaded. GetContentFile('winequality-red.csv')

[ ] import pandas as pd
from IPython.display import display
df = pd.read_csv('winequality-red.csv', header=0, sep='";"')
df .head(5)
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) from pydrive.drive import GoogleDrive
(21] from google.colab import auth
from oauth2client.client import GoogleCredentials

auth.authenticate_user()

gauth = GoogleAuth()

gauth.credentials = GoogleCredentials.get_application_default()
drive = GoogleDrive(gauth)

[22] # Check file_id from file's sharable link
# file_id = 'file_id'
file_id = '1H8aIu@6I6FbmQXtx_9_a4JbJsShLi3Da’
downloaded = drive.CreateFile({'id': file_id})

downloaded.GetContentFile('winequality-red.csv') +T74—A D X § B o

° import pandas as pd
from IPython.display import display
df = pd.read_csv('winequality-red.csv', header=0, sep=";')

df .head(5)

G fixed acidity volatile acidity citric acid residual sugar chlorides free sulfur dioxide total sulfur dioxide density pH sulphates alcohol quality
0 74 0.70 0.00 19 0.076 11.0 340 0.9978 351 0.56 94 5
1 7.8 0.88 0.00 2.6 0.098 25.0 67.0 0.9968 3.20 0.68 9.8

2 7.8 0.76 0.04 2.3 0.092 150 540 09970 3.26 0.65 9.8
3 11.2 0.28 0.56 1.9 0.075 170 60.0 09980 3.16 0.58 9.8
4 74 0.70 0.00 19 0.076 11.0 340 09978 351 0.56 9.4
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